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Abstract

This research aims to compare the effectiveness of forecasting models for the price of
Jasmine Paddy using data mining techniques. The analysis is conducted on data following cross
industry standard process for data mining (CRISP-DM) from January 2014 to December 2021,
spanning 96 months. Four data mining techniques were employed, namely: 1) Neural Network 2)
k-Nearest Neighbor 3) Support Vector Machines and 4) Linear Regression. Afterward, model
performance assessments were undertaken to determine the optimal model for the development
of forecasting models. The investigation revealed that Neural Network are particularly adept at
constructing predictive models for the price of Jasmine Paddy, thereby yielding minimal forecast
errors with Mean Squared Error (MSE) of 1,892,401.917, root Mean Squared Error (RMSE) of
1,375.646, Absolute Error of 0.697 and Coefficient of Determination of 67.00%.
Keywords: 1) Forecasting 2) Neural Network 3) Nearest Neighbor 4) Support Vector Machines 5)

Linear Regression
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