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Abstract

This research aims to compare the performance of models for diesel price forecasting in
Thailand using four data mining techniques: linear regression, artificial neural network, k-nearest
neighbors, and support vector machine. It utilizes data on factors affecting diesel oil prices from
January 2017 to December 2022, totaling 72 months. The research findings indicate that the
most suitable technique for building a diesel price forecasting model is Support Vector Machines,
with Mean Squared Error (MSE) of 0.320, Root Mean Squared Error (RMSE) of 0.566, Mean
Absolute Error (MAE) of 0.182, and Squared Error (SE) of 0.483, demonstrating the least error
compared to other techniques and the highest R-squared of 98.50%.
Keywords: 1) Diesel Price 2) Linear Regression 3) Neural Network 4) k-Nearest Neighbors 5)
Support Vector Machines
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