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Abstract

The purpose of this research aims to develop a model and compared the performance
of the model for predicting stock prices of consumer products group in the Stock Exchange of
Thailand using machine learning. Additionally, the study aims to investigate how well stock prices
in this industry forecast using various prediction models. Monthly data was collected from
several sources between January 1, 2018 to September 1, 2023 these sources included the Bank
of Thailand, the Stock Exchange of Thailand, economic trade index databases, the Investing.com
website, and publicly available data from the Ministry of Commerce. The data was analyzed
using a Cross-Industry Standard Process for Data Mining (CRISP-DM). Four machine learning
techniques K-Nearest Neighbor, Neural Network, Support Vector Machine, and Linear Regression
are used in this study. The result of the research shows that K-Nearest Neighbor is the most
accurate forecasting model, according to the study's findings. The values of Mean Squared Error
(MSE) is 25.79, Root Mean Squared Error (RMSE) is 5.08, Root Relative Squared Error (RRSE) is 0.34,
and R-squared are 89.80%. In the consumer products and consumer goods sector, this finding

might help guide investment choices and stock market research, thereby reducing future risks.

Keyword: Forecasting; Stock Prices; Consumer Products; Neural Network; K-nearest Neighbors;

Support Vector Machine; Linear Regression;
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New Example to Classify
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6. Deployment
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fauil Youaanzta viiadaya 29819
5 daruanasu real 32.89
6 AulnaIanannsng real 1521.92
7 dudrudesiuguilae real 36.7
8 seminsufu real 72.9
9 Autlgnavngsunlaud real 34935.5
10 silnannindduiaulanuilaa real 99.15

3. man3eudeya (Data Preparation)

3.3.1 n1sfnidendeya (Data Selection) Llunisdndendeyadiinuizauiielddiniunis
a ¢ v v Ao & o w a Y o Aaa VY Y a
Inseideya nedeyandndudmiumslinseiluaseliidiui 8 wenn3dod laun 1) dasluie

v oa v

2) ATUIIAY

v oA v oa

u3lan 3) Snsmenileulovts 4) Snsuanidsu 5) dvdnarandnning 6) dvdiennu
desiuguilna 7) menthifuiu uay 8 fudignanunssuanlaud
3.3.2 msmmuanthitlitusuys Wunsvuenilsituudazwonvidadiiieshluldlunns
st tnefnunuenn3tod Su/iewd (Date) lvinwiiduled (D) uazdmuauesvidaddvi
ninmindonamnssuduigulaauilan Wiimihiduiudsmu (Label) fildlunsnensal uasue
av30aeidy q v fduiuusdase
3.3.3 n1sudasArdaya (Data Transformation) 1unisuuasdeyadieisuesuealad
Ufunisnszaervesdoya uasAdosuuannsgiu (Z-Transformation) IneinsuSudndeyasiuau

v a ¥

8 uanv3dadt ldun 1) Smsniduile 2) Mdisaduilan 3) Snamenideuloune 4) Shsuaniudeu 5)
Fuinanandnning 6) fudlenuidosufuilan 7) mendiiufv uay 8) dudgnamnsuanlaud o
Usuussnunmdeya anudnAuld waznnslday weliiuladnmsuansdoyaiinnuusiuguasd
UsyAvBnmnndstu

4. n13a¥19uuuT1889 (Modeling) t¥udunaulunisiinszhdoyalneidenldinaia
wuudrassnsnginsalielilduadninnnan lngoonuuunarairaLuudtansdiuiu 4 uuudiaes
Usznoude walalasstedszaniion madaduwosnnnmeduusdu madadoutilndian uas
wallansinsizianneeidudu lnglddeyanisaiauazaunisnsadamanslunisauin uagld
TUsunsy RapidMiner Studio 10.0 Tunsuseanana sesnnifulusunsuiildouielnglisnduazdes

fianuiinedumsdewlusunsufiannsadnsisideyald danmi 5 (eymsd quuseiasy, 2564)

404



Haad Excal St ole ormaliss gy Crou Validation (W8} |

Cress Validation ($¥...

% 3

Sub-process: U84 Cross Validation ‘ ,—

£ Bepy ki G) Perlor s (U0 Cress Validatioon (E-...

A N S N O

Gross Validatian (LK)

|~ % 2

awil 5 mMswBedeyauazaiiauudassnisneinsal Tngldlusunsy RapidMiner Studio

5. n1suUsekiuma (Evaluation)

Junsuszidfiulseansnmeesuusiassmsnennsallasiunsin Aedsnnufianain
e Tnfidewesredsnnuiananidw@es sinfidewesARnnainduims uas Ardulsyans
nsendulanvgas Tne38 Cross Validation test Insutsyadaya Wy 10 du tielsideyanszanewin o
fu Wleadanuusiassnisnensal

AadsRnna1nsidsans (Mean Squared Error: MSE) i Arad @il inauudusivedluna
Aswennsal TneduaennasesEniea1asetuAneInsaifildainlung udrenidsdes udam
Andevemadnsiildmuwaldanaunsi )

MSE = Xy, — %) @

1o

I~ o

n Ag Ui NTaya

ye FIB AN39vRadRYaf9E19f |

9, Ao ArfilumavhuigdmSudeyadedned t

31nNidesveIAIRAsAANaINNIaIE09 (Root Mean Squared Error: RMSE) Ao A191usniieau
wauglun1snennsal TngAIUININNARITEUINNAIIZINUAINGINSUNLNANFIFDI WAIVIALRAY WA

FIMNIINNABWBIANRALTY  AUIlAIINANNITN (3)
RMSE - /gzp:l(vt—\?t)z (3)

n Mg Ui NTRYA

Tagn

)y

ye FIB A1939Y8YRYaf8E191 |

A 1

¥, Ao Aiilueavhugdmsudeyadieg1an t

405



Y oA =

31N71d090IANNANAIAAUNNS (Root Relative Squared Error: RRSE) fin A1IUsUDNsEaiU
229ANLLLUE TUNSNEINTA! TRUANUIIANNRNARIITENINAISINUAINEINSUNENIAIEDI LAIVNT

v I a 1% = I av v o 1% =
MIYAIVIN Lme‘mﬂVIaax‘ﬂJa\‘imwlﬂ ﬂ’]u’gm‘lﬂ"ﬂqﬂamﬂqim (4)

lagfl n Ao Fuudeyaild

A 1

Y, fie A1a3eing t 1 9
9, flo AitlsnmInensaii
na t e
¥, fie Aundsvesiaiiina tla
FrduUszansnisdndulanmgas (Coefficient of Multiple. Determination: RY) fe ¢ 14U
venfsUSnavesauduiusseniuUsaesi TneduinainadulssAavsanduius (Correlation

coefficient) snfdansmuialdarnaunisi (5)
Z(Y-\?)Z)
R? = 1- ( 5
s(v9)?2 ©)

n Ag UIUTaUANLY

KU

Tag?

Y, A9 A998 t e 9
9. o Adildarnnsnennsaii

nan t a9

Y, fio AedsveIrazenine tla 9

6. nsululgau (Deployment)
weknInan1simszinsotmaansiilaluldnu ielidnawuiaulalUldussleviuazidu

'
{ a

Jayanisngnsalsimvannindnquanaivnisuaudigilaausing eanainuidsnasiiveyad

q 3

Weanasiansindula awmu

NAN1SANYI

©

Welavihnisasisuudnaedunisnensaismmvdnnindvesgaavinssuaua alnauslan

e>2

Argwmalanisiseuivennies waglinaasulszaniainlunisneinsalvesdinuuneinsalsian

o v ¢ =2YYo v ¢ a a = = o =
BanNINY 621\'1'1@“'1NaaWﬁsﬂaﬂﬂiﬁaV}ﬁﬂqWNqLUﬁEJ‘UL‘WEJ‘U LEAANANNITNN 2

406



P = = a a %
A137199 2 NMSLUIHUINBUUIZANSNINNITUTEUIUAIUDLA

Regression Performance
Regression
. Mean Square Root Mean Root Relative
Technique R-square
Error Square Error Square Error
Neural Network 27.21 5.22 0.36 88.10%
Linear Regression 77.44 8.80 0.62 77.40%
k-Nearest Neighbor** 25.79 5.08 0.34 89.80%
Support Vector
, 211.38 14.54 0.78 64.80%
Machine

** AamadaninnumnzaulunsainanuunsneInsasIAaNnSne

HaN1TIATIEUAT197 2 wudunadaiiieutiulndfige (K-Nearest Neighbors)
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a o s
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